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Motivation

Existing NLP benchmarks (GLUE, SuperGLUE) follow a
“one-size-fits-all” paradigm.

Real-world users have distinct preferences and writing styles.

Focus on developing strategies for training models personalized via
user-specific inputs.

Goal: Evaluate and enhance personalization in LLMs
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Overview

Figure: An overview of the retrieval-augmented method for personalizing LLMs.
ϕq and ϕp represent query and prompt construction functions.
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Overview of LaMP Benchmark

LaMP = Language Model Personalization
7 tasks across classification and generation:

Classification

Citation Identification (binary)

Movie Tagging (15 classes)

Product Rating (5 classes)

Generation

News Headline

Scholarly Title

Email Subject

Tweet Paraphrasing
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LaMP : classification
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LaMP : generation
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Retrieval Model

context length constraint of LLMs

not all entries within a user profile are necessarily relevant to the specific input at
hand

→ Retrieval model R selects top-k relevant entries from the user profile Pu as input
prompts (k is a hyperparameter)
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Retrieval Model

BM25 : Term Matching

Contriever : Dense semantic retrieval (SoTA)

Recency : Most recent items

Random : Baseline
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Retrieval Augmentations

Denote the selected top-k entries as d = (d1, . . . , dk).

IPA (In-Prompt Augmentation)

ϕp(x , d) = (x , (d1, . . . , dk))

Fusion-in-Decoder (FiD) (p.13)

ϕp(x , d) = (x ,Dec(Enc(x , d1), . . . ,Enc(x , dk)))
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Two Evaluation Settings

User-based Split: Personalization for new users.

train/val/test splits are made by partitioning across users, ensuring
that no shared users appear across splits

Time-based Split: Predicting future interactions for existing users.

train/val/test splits are made by partitioning user items ordered by time
the most recent user items are chosen to create the input-output pairs,
with older items serving as user profiles
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Experiments : User-based
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Experiments : Time-based
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Appendix : Fusion in Decoder

Figure: Architecture of the Fusion-in-Decoder method
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